Abstract: Across the globe, station-based meteorological data are analyzed to estimate the rate of change in precipitation. However, in sparsely populated regions, like Mongolia, stations are few and far between, leaving significant gaps in station-derived precipitation patterns across space and over time. We combined station data with the observations of herders, who live on the land and observe nature and its changes across the landscape. Station-based trends were computed with the Mann-Kendall significance and Theil-Sen rate of change tests. We surveyed herders about their observations of changes in rain and snowfall amounts, rain intensity, and days with snow, using a closed-ended questionnaire and also recorded their qualitative observations. Herder responses were summarized using the Potential for Conflict Index (PCI 2 ), which computes the mean herder responses and their consensus. For one set of stations in the same forest steppe ecosystem, precipitation trends were similar and decreasing, and the herder-based PCI 2 consensus score matched differences between stations. For the other station set, trends were less consistent and the PCI 2 consensus did not match well, since the stations had different climates and ecologies. Herder and station-based uncertainties were more consistent for the snow variables than the rain variables. The combination of both data sources produced a robust estimate of climate change uncertainty.
Introduction
In regions with low population densities, the number and spacing of meteorological stations is often sparse [1, 2] . Station timeseries are often discontinuous or inconsistent [3, 4] , and data may observations, called a consensus; (2) to combine and compare individual station-based precipitation trends to the PCI 2 mean and consensus scores from the herders' observations; and (3) to use the herders' observations to estimate the uncertainty of the precipitation trends from the station analysis.
Study Site
The Khangai region of west-central Mongolia covers about 10% (~150,000 km 2 ) of the country and supports 9% (260,000 people) of the country's population [51] (Figure 1 ). This study focused on four soums (counties) in two aimags (provinces) that are divided by the Khangai Mountains: the two Northern soums of Ikh-Tamir [52] and Undur-Ulaan in Arkhangai aimag and the two Southern soums of Jinst [53] and Bayantsagaan in Bayankhongor aimag (Figure 1 ). Four meteorological stations were used: Erdenemandal and Tsetserleg in the north, and Bayankhongor and Khoriult in the south. The first three stations had a 50-year period of record, while Khoriult's period of record was 35 years [41] . Meteorological observations were summarized with daily time steps [4, 41] . The two Northern stations are in the Forest-Steppe ecozone, while Bayankhongor and Khoriult are in the Steppe and Desert-Steppe ecozones, respectively [54] . herders' observations; and (3) to use the herders' observations to estimate the uncertainty of the precipitation trends from the station analysis.
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Methods

Station Trends
Time series of daily meteorological data were obtained for the four study stations from the Mongolian Institute of Meteorology, Hydrology and the Environment. Precipitation was measured manually using a non-weighing gauge fitted with a Tretyakov shield; measurements were made daily or, in recent years, sub-daily, and summed to daily values. We applied a quality control procedure to check for anomalous and missing data and to remove obvious outlier values [4] . We considered values that fell more than 4.0 standard deviations from the mean to be outliers [43] and were deemed to be of poor quality. The most common errors detected were related to decimal point conversions from commas in the original datasets. A year of data was considered complete when fewer than 15 days of record were missing or of poor quality. No further discrimination was needed since periods of missing data were usually continuous and a month or more in length. The entire period of record up to 50 years was used for each station (Figure 2a-d) . The same quality control procedure was used for the daily temperature data, except that an outlier was considered to be 3.0 standard deviations from the mean. 
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Herder Observations
We administered a closed-ended, Likert-type questionnaire [62] about observations of precipitation change to 20 individual households in Ikh-Tamir and 17 in Jinst, followed by an additional open-ended discussion. Households were randomly selected in each study location. Respondents' ages ranged from 30 to 78 years old, and each had at least 15 years of herding experience. The period of focus for hydro-climate changes was for herders to compare recent conditions to the period when they were in their 20s. The survey focused on herder observations of hydro-climatic change [33] ; the results presented herein are from questions related specifically to changes in precipitation.
The herder responses to the surveys were given on a five-point scale (large decrease (a), decrease (b), no change (c), increase (d), large increase (e)) for each question and recoded to a scale of −2 (large decrease) to +2 (large increase) (Figure 3 ). The precipitation questions and their possible responses are given in Table 1 . We audio-recorded the open-ended discussion during survey administration to assess additional observations of change by herders [33] . These interviews were audio-recorded in Mongolian, and then translated and transcribed into English by Sukh [33] . 
The herder responses to the surveys were given on a five-point scale (large decrease (a), decrease (b), no change (c), increase (d), large increase (e)) for each question and recoded to a scale of −2 (large decrease) to +2 (large increase) (Figure 3 ). The precipitation questions and their possible responses are given in Table 1 . We audio-recorded the open-ended discussion during survey administration to assess additional observations of change by herders [33] . These interviews were audio-recorded in Mongolian, and then translated and transcribed into English by Sukh [33] . Table 1 . The setup of the four survey questions administered to the herders used in this paper, relating to (i) rainfall amount, (ii) rainfall intensity, (iii) snowfall amount, and (iv) snowfall frequency. The responses (a) through (e) were recoded to a scale of −2 to +2.
Setup:
Have you observed any precipitation changes in past decades? In answering these questions, please think about what the precipitation was like when you were in your 20s. The narratives of the survey were analyzed using thematic analysis [63, 64] . Thematic analyses involve searching for common themes emerging from the qualitative data, i.e., the herders' narratives. This process involves reflexive iteration of the data, where complex patterns and themes Table 1 . The setup of the four survey questions administered to the herders used in this paper, relating to (i) rainfall amount, (ii) rainfall intensity, (iii) snowfall amount, and (iv) snowfall frequency. The responses (a) through (e) were recoded to a scale of −2 to +2.
Have you observed any precipitation changes in past decades? In answering these questions, please think about what the precipitation was like when you were in your 20s. The narratives of the survey were analyzed using thematic analysis [63, 64] . Thematic analyses involve searching for common themes emerging from the qualitative data, i.e., the herders' narratives. This process involves reflexive iteration of the data, where complex patterns and themes become the categories for analyses. Narratives were read and reread to ensure that themes were grounded in the original data. The data were used to supplement the closed-ended questions (Table 1) .
Uncertainty from Herder Data
We applied the PCI 2 to analyze herders' observations of precipitation change and the consensus herders had for their observations. The original PCI was developed to understand and relate human dimension findings with natural resource management concerns, including conflict among natural resource users [45, 65] . The second generation of this statistic (PCI 2 ) ranges from 0 to 1. PCI 2 results are displayed as bubble graphs showing the amount of consensus, or agreement, for a given management scenario [66] . The center of the bubble represents the mean rating, i.e., central tendency, as plotted on the y-axis (Figure 4 ). Consensus is displayed by bubble size, indicating the extent of potential conflict, or inverse, consensus, regarding the acceptability of a particular subject, i.e., degree of dispersion ( Figure 4) . A PCI 2 of 1 corresponds to a scenario with no consensus and the greatest potential for conflict [46] . This occurs when survey responses are equally divided between two extreme values on a response scale ( Figure 3) . A PCI 2 of 0 illustrates all answers on one side of the response scale, suggesting complete consensus [41] . Readers are referred to Appendix A for the computation of the PCI 2 index, and ref. [46] for specific details on its computation.
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Data Integration and Comparison
Trends were scaled per variable to the mean PCI2 range (−2 to +2) for the four stations using the maximum station rate of change rounded to the next largest whole number (Figure 4 ). For example, the largest significant trend in rainfall amount was a decrease of 1.5 mm per year and a scaling factor of 2 mm per year was used. Station trends were added to the PCI2 plot with an indication of significance per station variable (Figure 4 ). This integrated plot enabled a comparison of station and herder observations of change. Due to the sparsity of station data in central Mongolia, the absolute Figure 4 . Change in precipitation amounts (rainfall, snowfall), rainfall intensity, and occurrence (days with snow) from station data with significant trends shown as solid lines and herder observations given as the Potential for Conflict Index (PCI 2 ). Non-significant trends are presented as dashed lines. The center of the PCI 2 bubble displays the mean herder observation on the y-axis, while the PCI 2 bubble size is the amount of consensus or disagreement (i.e., larger bubble = more disagreement and smaller bubble = less disagreement). The station trends were scaled based on the maximum rates of change and are presented using three-digit codes: ERD is Erdenemandal and TST is Tsetserleg, both representing the Northern soums; BXG is Bayankhongor and XRL is Khoriult, both representing the Southern soums.
Trends were scaled per variable to the mean PCI 2 range (−2 to +2) for the four stations using the maximum station rate of change rounded to the next largest whole number (Figure 4 ). For example, the largest significant trend in rainfall amount was a decrease of 1.5 mm per year and a scaling factor of 2 mm per year was used. Station trends were added to the PCI 2 plot with an indication of significance per station variable (Figure 4 ). This integrated plot enabled a comparison of station and herder observations of change. Due to the sparsity of station data in central Mongolia, the absolute difference in the scaled station trends was compared to the PCI 2 consensus ( Figure 5 ). Where a general agreement existed between the two datasets, the PCI 2 consensus values were divided by the station trend scaling factor to provide an estimate of the uncertainty of the station trends (Table 2) .
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Results
Precipitation trends derived from station data varied for the period from 1961 to 2010 (Figure  2a-d) . There was a significant decrease in rainfall at the two Northern stations (Figure 2a) and a decrease at Bayankhongor that was not significant, while Khoriult saw a non-significant increase in rainfall (Figure 2a) . All stations saw a decrease in the average rain intensity, but it was only significant at Erdenemandal in the north (Figure 2b ). The amount of snowfall (Figure 2c ) and days with snow ( Figure 2c ) increased at three stations, but at Erdenemandal, they both decreased. In the south, Khoriult saw a significant increase in the snowfall amount and number of days with snow (Figure 2c,d) .
All herders stated that they observed a decrease in rainfall, with all herders in the north and most herders in the south observing strong decreases (Figure 3) . Most herders observed an increase in rainfall intensity with a few seeing a decrease, while others-5% in the north and 27% in the south-observed no change in rain intensity. Herder observations of snow were mixed, with more than 50% in both regions stating that they saw a decrease, but some saw an increase, while a number saw no change. Some saw fewer days with snow while a larger percentage saw more snow days-35% and 53%, in the north and south, respectively, saw no change (Figure 3 ).
There is complete consensus among the herders for the observation of rainfall (PCI2 = 0), but less consensus for the remaining variables, with the least consensus, or the largest PCI2 bubbles, for the snowfall amount (Figure 4 ). For rainfall in the south, one station (Bayankhongor or BXG in Figure 4 ) was similar to the herders' observations, but the other Southern station was not (Khoriult) (Figure 4) . Rainfall intensities showed opposite trends between herder and station observations with herders observing an increase, while the stations all showed a decrease. For snowfall, results in the north were divergent, with one station increasing and the other decreasing and herders mostly agreeing that there has been no change (Figure 3 ). In the south, herder observations involved a decrease in snowfall and were opposite to the station-based results of an increasing amount ( Figure  4) . Northern herders' observations were opposite to station observations for rain days compared to snow days (Figure 4) .
The trends at individual stations only matched the mean herder score for 1 of the 16 station variables, specifically, days with snow at Bayankhongor (Figure 4) . Since the station pairs were more 
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There is complete consensus among the herders for the observation of rainfall (PCI 2 = 0), but less consensus for the remaining variables, with the least consensus, or the largest PCI 2 bubbles, for the snowfall amount (Figure 4 ). For rainfall in the south, one station (Bayankhongor or BXG in Figure 4 ) was similar to the herders' observations, but the other Southern station was not (Khoriult) (Figure 4) . Rainfall intensities showed opposite trends between herder and station observations with herders observing an increase, while the stations all showed a decrease. For snowfall, results in the north were divergent, with one station increasing and the other decreasing and herders mostly agreeing that there has been no change (Figure 3 ). In the south, herder observations involved a decrease in snowfall and were opposite to the station-based results of an increasing amount (Figure 4) . Northern herders' observations were opposite to station observations for rain days compared to snow days (Figure 4) .
The trends at individual stations only matched the mean herder score for 1 of the 16 station variables, specifically, days with snow at Bayankhongor (Figure 4 ). Since the station pairs were more than 100 km apart, the differences between station trends were compared to the PCI 2 consensus scores ( Figure 5 ). These compared well (dashed black line in Figure 5) , with the exception of the amount of rainfall in the south and the rain intensity at both locations. As shown in Figure 4 , Khoriult station has an increasing trend in rainfall amount, while all herders observed a decrease; the other southern station, Bayankhongor, saw a decrease ( Figure 5 and Table 2 ). Removal of this point from the analysis did not change the slope but provided a better fit between the herder and station observations. The correlation between the herder consensus and difference in station trends was poor for all variables ( Figure 5 ), but it was moderate for rain intensity, amount of snowfall, and frequency at the Southern stations ( Table 2 ). The correlation was better for the Northern stations ( Figure 5 and Table 2 ). Table 2 . Estimates of precipitation uncertainty for the four variables, summarizing the individual station rates of change, station mean, and difference per aimag (north and south), and herder-based uncertainty from the PCI 2 consensus scores (Figure 4) , scaled to the range of precipitation values. Significant station trends at the p < 0.05 level are denoted with an asterisk.
Data
Rain 
Discussion
Station-Herder Observation Correlation
In the north, there were better correlations between the variables where there was the greatest uncertainty in the station data and greatest lack of consensus in the herder observations ( Figure 5 , Table 2 ). In the south, there was less variation in uncertainty among variables for stations, but the herder consensus did vary, and thus, the slope of the comparison between station and herder observations approached zero ( Figure 5 ). It is possible that this north versus south difference exists since the north stations and herder soums are in the same ecozone, while the two south stations and herder soums are in different ecozones (Figure 1 ). The Northern stations have similar climates in terms of rainfall (Figure 2a) , snowfall (Figure 2c) , and temperature [30, 39] , while in the south, Khoriult is much drier (Figure 2a,c) and warmer than Bayankhongor.
In both areas, the station-and herder-based uncertainties were more similar for snow than rain (Table 2 ). Since the winters in Mongolia are cold, snow accumulates throughout the winter with mid-season melt rarely occurring. Therefore, snowpack is present throughout the winter and is more obvious to herders than cumulative rainfall. The presence of large amounts of snow or related winter disaster events (dzud) directly affects herders [67] and is another indicator of snow accumulation depending on the dzud type.
Other research has found a slight increasing trend in the number of days with precipitation in Northern Mongolia and the mountain regions [68, 69] , and our results showed more days with snow ( Figure 2d ). Trends in days with rain were not computed as this question was not asked of the herders. It is possible that some of the results may have yielded different responses if the questions had been designed with the PCI 2 [45, 46] as the preferred method of analysis, and multiple questions could have been used to triangulate results.
Herder Insight
Discussions with herders provided insight that added information regarding changes to the Mongolian climate. Herders from both soums commented on their concerns about changes in the amount of precipitation, patterns, timing, and magnitude over the past decades [29, 33, 34] . Most herders noted a significant decline in rainfall (Figure 3) , matching a decrease observed at both north stations and at Bayankhongor in the south (Figure 2a) . Herders stated that previously, they had received a "longer and softer rainfall" (also reported by ref. [34] ). In the north, they stated that in recent years, the duration of rainfall has become shorter and lasts only a few hours with high intensity and low infiltration into the soil. The herders reported that "20 years ago, we had a long duration of rain which lasted 3 or 4 days and we did not have any dry clothes (deel traditional clothing) to wear and hardly found dry trees to make fire for cooking at that time." One herder in Jinst said, " . . . in the summer of 2009, rainfall occurred only in May and less rain than previous which caused prolonged drought during the summer and animal did not gain enough weight." Many of the herders said, "generally, summers were very dry here [with] hardly any rain in recent years".
Marin [36] noted that the herders identified both hard and soft rain. In our analysis, 80% of Northern and 65% of Southern herders observed more intense rain (Figure 3 ) which was observed with low infiltration. For example, Ikh-Tamir herders stated, " . . . in the past few years, short and intense rainfall has occurred which produced high runoff and did not saturate the soil moisture. Previously, rainfall duration was longer with soft rain and it's enough to saturate soil moisture and affect good quality grass growing."
Herders' conversations always consisted of detailed information [33] connected to weather elements, including changes in precipitation, extreme events, and water resources that were noted in their migration areas [29, 34, 67] . Changing and variable precipitation patterns, intensity, and rising temperatures are key factors of increased climate unpredictability and extreme events [70] . This potentially affects drought and dzud occurrence in Mongolia which directly impacts herders' livelihoods [71] .
Herders must also consider inter-annual variability in climate, as it influences their planning and management practices as a part of living in this type of environment [33] . This variability includes the occurrence of extreme events [38] which require real-time mitigation efforts [67] . Herders must also adapt to change over time [39, 40] . While only five of the 16 precipitation trends were significant (Figure 2a-d) , we focused on the change over time in terms of trends as it is integrated with IKS.
Linking Datasets
This paper explored the linkage of IKS and station observations of changes in precipitation in an area where data are sparse (Figure 1 ). The Mann-Kendall significance test [58, 59] and Theil-Sen rate of change [60, 61] have been used extensively to investigate climate change [6, 7, 42, 44] , including for studies across Mongolia [2, 4, 30, 33, 40, 41] . The PCI 2 method [46] has not had extensive application to date [45, 65] with limited use of IKS [66] . This paper is the first combination of the Theil-Sen slope method for analyzing station observation change with consensus from IKS estimated by PCI 2 . While the data used in this analysis were limited ( Figure 1 ) and only four variables were examined (Figure 2) , combining these disparate datasets shows promise ( Figure 5 ) and can be applied to larger datasets [40] .
In data-sparse regions, like Mongolia, examining individual and group knowledge is crucial for understanding why certain actions among pastoralists create different exposures and sensitivities to harm [67] . From a climate perspective, everything changes [72] , and thus herders' actions are driven by their observations of climate and its changes. They must contend with what precipitation falls, since it sustains the growth of pasture plants on which their livestock and livelihoods depend. This reliance on natural processes leads them to observe and record quantitative and qualitative characteristics of a large number of climate variables [38] . Nomadic pastoralists' experience and knowledge of weather and climate can influence their management strategies to reduce vulnerability to extremes and, in a broader sense, to adverse climate changes [73] , but their observations may be incongruent with instrumentation records. This disparity may result in decisions that are not well-suited for the actual observed conditions being made. This paper tried to evaluate the synergy between the herder and measurement station observations with a view towards identifying the consensus and uncertainty of the two systems.
IKS' have an empirical basis and are used to understand and predict climate variables and environmental events that shape the livelihoods or even determine the survival of individuals [10] . IKS' have other additional benefits and applications: to improve scientific research, to improve resource management and allocation, and to provide better information on ecohydroclimatic processes [20, 74, 75] . Studies [38, 76] have shown remarkable correlations between these observations and instrumental records [77] , while some showed a stronger correlation for one variable over others. Hou et al. [32] , for example, showed a strong correlation for temperature but not precipitation from herders in Inner Mongolia (China).
Indigenous Knowledge Systems can be used to support climate change monitoring [3, 8, 24, 25, 28, 78] and provide valuable sources of information regarding natural resources and environmental change [14, 23, 38, [79] [80] [81] . Studies have compared IKS and physical science to show how the involvement of local people and their understanding and observations can contribute to improved climate change analysis [22, 82] . We highlight that IKS can be more than just complementary to station-based analyses [8, 46] . The uncertainty estimated from IKS and meteorological observations ( Figure 5 and Table 2 ) can be more robust than using either method alone [50] .
Data Considerations
The station trends computed herein represent a point in space, but even in homogeneous terrains, station trends may not be spatially consistent [6, 7] . This work also used a perspective on herder observations (indigenous knowledge) through a range of time periods to evaluate change. For the pairs of stations shown, the Northern stations were more similar than the Southern stations ( Figure 2 and Table 2 ). This is due, in part, to a difference in the length of record which can affect trends [39] . All station records started in the early 1960s, except that of Khoriult which started in the early 1970s ( Figure 2 ). The age of the herders varied from 30 to 78; in the north, the mean age was 53 (median of 48), while in the south, it was 47 (median of 46). Thus, herders considered climate change over several decades. However, the trends observed here ( Figure 2) were similar over shorter time periods (also seen by [2, 39] ). Future investigations should be more specific with the length of record that the herders are asked to consider [39, 40] .
Spatial analyses created from interpolating station data [48, 49] provide coarse scale climate trends [2, 42] , but in areas such as Mongolia, there are few meteorological stations [4] . Historically, areas with sparse populations have greater distances between stations [1, 43] due to the lack of people and funding needed to perform the manual observations. Only within the past few decades have automated stations become standard; however, in Mongolia, meteorological data are still primarily collected manually. With few stations at higher elevations, and with more variable terrain, there is less consistency among spatial datasets [49] , resulting in less robust analyses and a disconnect between point measurements from meteorological stations and global spatial datasets, even when the latter are at a resolution of 8 km [44] .
Various global spatial datasets, e.g., ref. [43] , have a monthly time scale [48] that cannot be used to estimate details such as changes in the precipitation phase [55] , providing an impetus for making spatial estimates of uncertainty in climate trends using herder observations ( Figure 5 and Table 2) . Thus, in a data sparse region like Mongolia, herder observations can help in the assessment of climate change at a finer resolution ( Figure 5 and Table 2 ). To complement this, observational data are not only becoming more available at finer spatial resolutions, they are also becoming more available at finer temporal resolutions. For example, sub-daily resolution rainfall data collected over recent years have been successfully correlated to long station daily station data to evaluate herders' observations of changes in rainfall intensity in Northern Mongolia [34] .
An issue with precipitation trend analyses is the difficulty with estimating the snowfall amount. In particular, the undercatch of solid precipitation due to wind effects on the gauge produces a low bias. Zhang et al. [56] provided a method for correcting daily precipitation values due to biases, including undercatch, but it requires wind speed data. Unfortunately, such data are only available for the last 10 to 15 years of records [2] . Bias from snow undercatch may be reduced as most of the precipitation in Mongolia occurs seasonally as rainfall rather than snowfall (Figure 2a,c) . Further, in some climates, the amount of snow that is not caught by a precipitation gauge due to wind is often comparable to losses due to sublimation and redistribution [83] . Herder observations of snowfall quantities are most likely based on snow amounts on the ground; thus, the balance between snowfall gauge undercatch and snowpack losses may provide a better comparison to IKS than bias-corrected station data [56] , even when there is a temporal disconnect in the time step of meteorological data [84] . This same method was used by Fassnacht et al. [7] .
Finally, there may be a variety in herders' interpretation of meteorological conditions and sharing information, so this should be considered when writing survey questions [11, 13, 21, 25, 66, 84] . The different "ways of knowing" can also inform how station data are analyzed [46] . These considerations could result in improved surveys that elicit herders' observations and more directly integrate physical science and indigenous knowledge systems, especially considering the use of the PCI 2 method in the analysis. Survey findings could then prove to be more useful for local stakeholders and scientists, such as helping inform when best to move a herd or tracking climate change and its impacts.
Conclusions
We applied the Potential for Conflict Index 2 (PCI 2 ) tool to analyze herder observations of climate change, specifically changes in precipitation, from an area in central Mongolia. This is the first such application of the PCI 2 that not only illustrates mean herder observations and their consensus but combines results with station-based precipitation trends. Station-based precipitation trends showed some similarity with herders' observations. Herders' observations based on the PCI 2 consensus were used to estimate the uncertainty of precipitation trends from station analyses, with better matches for the two snow variables than the rain variables. The two Northern stations that were in the same ecozone were a better match to the herder data than the pair of Southern stations that were in different ecozones. In this work, two datasets from different sources were combined to produce a robust estimate of uncertainty to overcome the spatial disparity of the stations used to estimate the precipitation trends. This integration of Indigenous Knowledge Systems and meteorological observations could produce useful information for Mongolian herders for land management strategies and when planning for adaptations to climate change. 
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Appendix A Computation of the Potential for Conflict Index 2 (PCI 2 )
Vaske et al. [46] provides the full details of the PCI 2 formulation. This appendix summarizes its key computations.
Herder observations (e.g., Figure 3 ) were all recoded to scores of −2 to +2 ( Table 1) . The PCI 2 considers responses in the same direction but with different magnitudes not to be in conflict. We assumed that there was no conflict with the neutral response (Equation (A2) in [41] ). For example, the following were not considered to be in conflict, i.e., in consensus: in the Southern soums 6% of herders said snowfall amounts strongly increased (+2) and another 6% said that snowfall amounts increased (+1), while 35% said they saw no change (0) (Figure 3) . Therefore, the distance between two responses (d x,y ) for two responses (r x and r y ) were only computed between any negative response and any positive response as where the sign is the sign for a positive or negative number (+ or −) for the response (r). For a scale with i values (we used 5), the PCI 2 index was computed as
where n k is the number of respondents at each scale value, n h is the number of respondents at other scale values, d k,h is the distance between respondents, d max is the maximum distance between extreme values, n t is the number of respondents, and Z is 0 when n t is an even number, and Z is 1 when n t is an odd number.
